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Der Titel heute 1st Responsible Al - kannst du vielleicht kurz erklaren was

Responsible AT 1st und warum wir

Responsible Al relevant ist ?

Responsible Al brauchen bzw. tur wen
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Betore you start chatting, you can update the current settings and ground the chat with daocuments. To upload

r

documents or an image, click T next to the input field.

Sample questions

What are more efficient alternatives to a 'for
loop' in Python?

Create a chart of the top NLP use-cases for
foundation models.
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What is the Transformers architecture?

Describe generative Al using emojis.
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Wie kann man also Al responsible machen ?

Das Ist sicherlich sehr kompliziert ?
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Before you start chatting, you can update the current settings and ground the chat with documents. To upload
documents or an image, click T next to the input field.
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Sample questions

What are more efficient alternatives to a 'for What is the Transformers architecture?

loop' iIn Python?

Create a chart of the top NLP use-cases for
foundation models.

Describe generative Al using emojis.
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Hiltt der EU AI Act dabeil Al Systeme noch vertrauenswurdiger zu machen?

Halte die Antwort bitte kurz.
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Before you start chatting, you can update the current settings and ground the chat with documents. To upload

~

documents or an image, click T next to the input field.
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Sample questions

What are more efficient alternatives to a 'for What is the Transformers architecture?

loop' in Python?

Create a chart of the top NLP use-cases for
foundation models.

Describe generative Al using emojis.
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Was sollten Juristen in Bezug aut den
Al Systemen besonders beachten?

Halte deine Antwort bitte kurz.

-UJ AI Act und
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documents or an image, click ™ next to the Input field.

Sample questions

What are more efficient alternatives to a 'for
loop' in Python?

Create a chart of the top NLP use-cases for
foundation models.

O

What is the Transformers architecture?

Describe generative Al using emojis.
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EU calls for responsible development, and EY brings in the journey and frameworks to ensure Al systems are efficient,
transparent and compliant

Accelerator

Page 11

Identify Al tools within your
company based on Al Acts Al
definition

Classifying risk according to the
Al Act (low, medium, high-risk,
prohibited)

Classifying Al models regarding
other risk factors like business
impact

sssssssssssssssssssss

Use EY’s Online Questionnaire
For Risk categorization

1 > Risk-Classification > 2 > AS-IS Analysis

Analysis of Roles &
Responsibilities regarding
efficiency & compliance

Analysis of Al Procedures
regarding efficiency &
compliance

Technical Analysis of Al
models:
e Data Quality &
Reprocessing
e Validation & Testing
Mechanism
e Model Explainability
& Interpretability

Using EY’s Al Maturity model for
assessing current status

- EpEIEEEE]
EY’s RACI Matrix

> 3 > To-Be Definition

Introduce specific
requirements for high-risk
models

EY’s North Star:
e Roles & Responsibilities
(RACI-Matrix)
e Procedures for the Al
Lifecycle (Al Procedure)
e Technical solution
(Confidence-Index)

Roadmap >

P

EY’s Al procedure

Developing a Roadmap for
closing identified gaps, including
timelines and milestones

Defining short-term and long-
term actions to address
immediate needs

Resource planning to determine
the required FTEs for both
short-term and long-term
efforts

Training for ongoing
improvement of the whole Al
Lifecycle

EY’s Action & Resource Plan Framework
includes Short-Term & Long-Term Actions &
Resource Planning

e
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31as detection Ensuring fairness in AR WA
model scoring

Dashboard [ hiring - random forest / Fairness

Fairness
) . Monitored attnibute Data Set (i) Date and Time
Contlnuous CaI'CUI'atlon Of Ethnicity w Balanced w 4,727 /2021 B8 12:45 AM View payload transactions
model fairness
Fairness score Favorable outcomes How the fairness score was determined (balanced data set)
- Aﬂalyze depl_oyed mOdeI_ 47% YES The monitored group minority received favorable outcomes 7.0% of the
. . . time. The perfect equality is 15.0%. The fairness score for Ethnicity is
predictions for bias indirect bias 46.7% (7.0/15.0). View calculation,
&
— Collect and aggregate bias © View percentage O View count
data for dashboards and
alerts
— Find non-feature data 15 ——
. wn thnicity
correlations é _7ﬁ minority
E 1 Favorable outcomes
Use a.corre’c’:ted model for : 7 ‘ o
de-blased” predictions : ‘ -
: 5%

rriinarity Mo =i nority

Manitored Reference
Ethnicity

@ Monitored group @ Reference group = Perfect equality @ = Acceptable fairness @

Indirect bias: proxy features for Ethnicity (i) Correlation strength (1)

+  InterviewScore 0.29
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Understand model
outcomes

Explain model predictions

— Show the most influential
features

— Explain in natural language

— Available API for prediction
explanations

What-if analysis

— Experiment with values

— Assess eftects of changes to
features

Explain

Inspect

Transaction

e5habeeBice3dclbb21486b447211d5¢cd3-1

Predicted outcome 72

DENIED

Confidence level

94.00%

Features influencing this prediction

Recaived on

Deployed model Languagea

Jul 07, 2021, 5:21:59 AM EDT Mortgage Default - Production Production

How this prediction was determined

The Mortgage Default - Production model has 94.00% confidence that the outcome of this transaction would be DENIED. The top
three features influencing the model's predicted outcome are Location, Income, and SalePrice. The top three features AppliedOnline,
¥rs_at_Current_Address, and Creditcard_Debt are influencing the model toward a predicted outcome of APPROVED.

For this transaction, each feature in the model has been assigned a percentage of relative weight indicating how strongly the feature has influenced the model's predicted outcome. A negative
relative weight percentage indicates the feature influenced the model towards a different predicted ocutcome.

40% 7

33.0%

30%

20%

10% =

RELATIVE WEIGHT

-10% -

-20%

-30% -

Lacation Incone SalePrice

Other features o
Pasitive
Influence

.

B.9% B.9%
H.5%
_.I: __ -3..{ I

-24.0 w
Megative
Influence

Creditcard_Deb... Yrs_at Current... AppliedOnline

T | T T
Mumber_of_Car... Residence
FEATURE



Drift detection

Measure the degree to which
a model has moved away from
reality

— Drop in accuracy — reality
has changed, as shown by
the scoring data

— Drop in consistency — reality
IS the same, the events vary

Drift monitoring and alerts

— Degradation of model
performance can trigger
retraining and redeployment

Handle changing
scenarios

Hourly

W

Custom range

12/15/2021 8

12/15/2021 B3

Drop in accuracy

-4%

26%

56%

100%

12 AM

6 AM

|
12 PM

Time [12/15/21-12/15/21]

|
6 PM

B Dropinaccuracy @

3.42%

B Threshold 10%

Margin of error -1.08% - 7.92%

M Drop in data consistency @

8.89%

Supporting metrics (@)

Base accuracy 82.6%
Estimated accuracy 76.58%
Schedule

Last evaluation 2:01 PM EST
Next evaluation 5:01 PM EST

Evaluate drift now



Manage risk across

the enterprise with
IBM

— Consistent holistic views
of risk and compliance

— Drive GRC adoption

— Embedded self-service

Home

Lasl sutcesslul login 20/13/2023, 2:06 PM

Dashbpard My Tasks (01 Suhsecriptian Task

Model Compliance Status

26

poaten _
Hee-cemp iyl -

J 5 10 15 20 28

Model Inventory

Use Cases by Ris« Lavel

24

Owarsight Tasks (O}

Favourites

Execative suinmary genertion

Fingnce Kews Aralysis

Madels by Department

26

Fy time acldedd

The partners in consulting comganies e given o L pager executive .

e aralysis cortans information collected “rom pubiic resorts'doc. .

Use Cases by Lifecycle Phasa

24

Froponed ‘

B Acpeaved
Amuiling Aol

1R

1 watsonx

Quality Drift

{ Evaluations

Drift Time

W Pepscsd

P thes o " v val sestt
. . W Cccermsucred View the drift scores over time, Lower values are bettes
2 ‘ > =3 g -]
re p O rt I n g a n a I-yt | CS Models oy Risk Tier N:\G;@ PJ'\:M x:"‘w;’ ‘ﬁﬁ( 4*\#& ‘NP’ ,ﬁ"’“ vﬁw&'\vﬁ’f &
, , ?:'y b o ,\.4('A 99@)(' o ‘J\@ ‘Pl’ n"} 4
26 o @&‘f o ;_-,_-6‘;‘ v History Positive v
o Model Performance

and dashboarding

Fouadation Models by Fosting, Losatior

23

approved Madels

24

Models addec in the last 30 days

49

Mew Model Use Case

Approach

2 Flan-UL2-12345

This approach uses the foundation model Flan-
UL2-12345. The Flan-UL2 model is suited for this task

7¢8c14b2-2251-4e5a-31ce-c97660ccd191

Develop 18 Validate

Change Management

135

0.2

Output drift

Changs Aequests oy Status . aree
B Fec
29 o 0.15

My Active Change Requests

0

Changa equests in Mocess

10

©0.2.21

I compared this prompt with the other vanants, This
works better for me. Looking forward to assessment.

- Operate &

B ho! Determired

Deployments

Jeployments by Status

33

Prediction drift (0.0) G

0.08

Input metadata drift 000 O

Output drift: classl

classl

Qutput confidence distribution ()

age o

Density

transaction

Model confidence for class

{teach conhdence leve

Positive

[

Significant intervals (.

Percentage of records

Model confdence for class: Pos
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